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A review of handwritten numeral recognition based on
deep convolutional neural network

TAN Wanying, ZUO Shanshan, QIU Peilin, LI Qirui

(College of Computer Science, Guangdong University of Petrochemical Technology, Maoming 525000, Guangdong China)

Abstract: In order to further improve the recognition accuracy of handwritten digits, the recognition process was investigated based
on deep convolutional neural networks. A handwritten digit recognition model was constructed using the PyTorch framework; then,
the model was trained as well as experimentally tested using the MNIST dataset. The experimental results show that the proposed
model achieves a handwritten digit recognition accuracy of 99.31% , which is an improvement of 11.01%, 4.31%, 3.31%, 1.01%,
4.31%, 4.51%, 10.71% , and 5.31% , respectively, when compared with the related literature, the LeNet—5 model, and the ResNet
model.
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Fig. 1 Convolutional neural network model structure
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Fig. 2 Handwritten digit recognition flowchart
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